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COVID-19 pandemic deals body blow to quant models, study shows

LONDON (Reuters) Oct 26. 2020 - The coronavirus pandemic has dealt a body blow to
the quantitative model-based style of investing, with a majority of the firms using such
strategies negatively impacted, a study by Refinitiv has found.

In a report, financial data provider Refinitiv said 72% of such investors were hurt by the
pandemic. Some 12% declared their models obsolete and 15% were building new ones.

Machine-learning refers to the use of complicated mathematical models and algorithms
based on historical data in order to make predictions without being explicitly
programmed to do so.

While such machine-driven models had success in the past as historical correlations
among different asset classes held firm, they have suffered in the wake of the pandemic
as these linkages have broken down.

"Those who have instituted careful data governance processes will be far more likely to
succeed in this game than those who haven't because rubbish in is rubbish out in the
world of machine modelling," &+ > >« > 2 2sompsma 2
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* Gu, Kelly, Xiu (2019), WP
OLS < LASSO, Elastic Net < Boosting, Neural Network
T A b U Fzpredictor 900+

* Freyberger, Neuhier, Weber (2020), RFS
OLS < LASSO mLEUL
T A b U Fepredictor 62

« ;&K /AL (2020)
OLS Bi i 78 z-score) = Boosting, Neural Network m_E U7y
7 A b U 7cpredictor: Value & Quality
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Analyst react to
Sales surprise

Analyst report Target price?
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v POSIERICEDWTHRHIRZZ7OXAEV Y avicovyEr LL/SODYY—Y
ZEHE9 %, (N %ZAlternative data based factor return (AFR) & 1T 3)
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Global Macro Model
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—_n-

close;
kerb; Ot/ct—l 0.9 9
barb, ce/ ot 0.9 9
range; he-l 0.8 10
volumey 12 0.9 10
kMb, kerb.-barb; 0.9 10
shadowU, (hy—max(o¢,ct))/range; 0.8 10
shadowD; (min(o,,c;) — ;) /range, 0.8 10
shadow; shadowU; * shadowD; 0.8 10
aReturn; ce/Ci—1 — P/ Pe-1 0.8 9
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sim(x{ 4,8¢,4) > 0 and sim(X; g,8t,4) > 0
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Time series changes of complexion of stock universe surrounding Lehman debacle.
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Ex: close./kerb./barb; *+ *

c CORHEIDOREBEZRAWANRNEMN?

Ex: close; —su/ kerby —all/ + -+ -

c VU FIDHEABTLEMRIE?
Ex: kerb — all & range — all
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B—D U F)l(single signa) DR IE T ZRB5E &
2 DD F )b(double signa) DR ZHERDGEEE

A5

Qi(v) = (fim1 < f) N (ft > feha)
Q'@ =\_, Qi)

* Single signal SS:(v) = Qi (v) A (f7 > ;™)
* Double signal  DS;"(v1,v2) = SSi(v1) A Q" (v2) A (v1 # v2)



Trading parameter D R3R

s BEEDEEDHBICEWIHREEDREZE LT 5h
s = 50,100,200 days

mk: HifEsICE W T, LkEB DRBEZFERT %
k = 1,5,10,20 th density

mh: COEEDOHBEREIT 52DH
h =1,2,3,4,5days

myJFILE
B50 Xs(=3)xk(=4)xh(=5)=3,000

M (50 (original signal) + 2450 (Combination of 50 x 50)] Xs(= 3)xk(= 4)X
h(=5) = 150,000



20
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10-16%

=

OVTIWITFILD AL (p-value <0.00001)511ZE

- < HA ]

> h s k | fF2 | return(%)
jp barb-all 2 50 5 124 0.88
barb-sd 3 | 200 | 10 55 1.68

us | shadowH-lu | 3 | 100 | 20 216 0.52
shadowL-ld | 5 50 | 20 452 0.38
kMb-sd 5 50 1 53 1.55

gb barb-su 1 | 200 | 15 60 0.61
kMb-sd 2 | 200 | 20 90 0.75

kerb-1d 4 50 | 15 185 0.55

(tHPAf) MHA - P=E (2017)
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2010-16FE £ HAE

=

EH

STIWTFILD LA (p- Value <0.00001)%!|Z

mainSignal | subSignal | hp 2L | return(%)
jp kerb-all range-all 3 50 15 50 1.24
shadowH-su kMb-all 1 50|15 91 0.52
close-su shadowH-lu | 2 50| 15 73 0.50
shadowH-su | shadow-su | 1 50| 15| 113 0.48
shadowH-su kMb-sd 1 50 (15| 102 0.48
shadowH-su | aReturn-lu | 1 50|15 | 101 0.42
kerb-su range-ld 2 | 50|20| 62 -0.71
kerb-sd barb-sd 2 50|15 61 -0.86
shadowH-1d range-lu 5 5020 | 65 -0.97

us kerb-all kerb-su 5 50| 15 71 0.98
kerb-all kMb-lu 4 50 | 15 59 0.95
kerb-all range-lu 4 | 5015 53 0.90
kerb-all volume-su | 4 50|15 62 0.87
kerb-all kerb-1d 4 50 | 15 56 0.80

gb | shadow-su range-su 5 [100[10| 51 1.12
shadowH-lu | aReturn-sd | 5 | 100 | 20 76 0.97
shadowH-lu | shadow-1d | 4 50 | 20 71 0.84
kerb-sd shadow-su | 3 50 | 20 76 0.60

Sh oA arempnEna s (AT EHE - PE (2017)

32



Single signal selection
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Predictors
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GETE/NY —

Fz1: 0 =200,y =4 DEMBIZHBITBHEENNX—2 EALD
D, 1HEONR—V (LB & 2HEDNNX—V (FE).

RINR—V AN —V
NE—V a sup | GR || "X —YV « sup | GR
delightful 2.1% 6.8 || waste 10.2% | 10.4
beautifully 2.8% 5.9 || pointless 3.6% | 104
touching 2.8% 5.3 worst 16.3% 9.0
superb 5.0% 5.2 || poorly 4.5% 8.3
magnificent 1.8% 4.8 || awful 11.0% 8.0
highly recommended 1.8% | 22.2 || crap worst 1.8% | 76.3
great superb 2.0% 8.4 || waste worst 2.0% | 63.3
excellent young 1.8% 8.4 || awful worst 2.5% | 31.8
excellent performances | 1.7% 8.0 || stupid worst 2.1% | 29.0
love wonderful 3.4% 7.6 || worse worst 22% | 24.7

(PR P=E - [MHA - FH (2021)
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SLE Dpositive / negativeFIEf 2 TR S hY EDEDIC
attention U fe B h¥ o H 3

previous reviewer claudio car ##val ##ho gave a much better rec ##ap of the film ' s plot
details than i could . what i recall mostly is that it was just so beautiful , in every sense -
emotionally , visually , editorial ##ly - just gorgeous . if you like movies that are wonderful
to look at , and also have emotional content to which that beauty is relevant , i think you
will be glad to have seen this extraordinary and unusual il of &t . on a scale of 1 to 10 , i
"d give it about an 8 . 75 . the only reason i shy away from 9 is that it is a mood piece . if
you are in the mood for a really artistic , very romantic film , then it ' s a 10 . i definitely
think it ' s a must - see , but none of us can be in that mood all the time , so , overall ,8 .75 .

it may treat important issues , yet not as a serious philosophy . it 's really difficult to care
about the characters here as they are not simply foolish , just missing a spark of life . their
actions and reactions arg i , often _ to watch . the makers of
earth know it ' s rubbish as they have to always say " gene rod ##den ##berry 'searth . .."
otherwise people would not continue watching . rod ##den ##berry ' s ashes must be
turning in their orbit as this §ill , SHEap . i gdited ( watching it without ad ##vert
breaks really brings this home ) tr ##ud ##ging tr ##aba ##nt of a show lumber ##s into
space . spoil ##er . so , kill off a main character . and then bring him back as another actor .
je #itee ##z | {alla8 all over again .

(HFr) P=E - @A - FH (2021) AkT 74 F v RELEENERE KD
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ity to US market
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Turnover
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